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Global data volumen in Zettabytes

200
175
Equivalencias (en sistema decimal)
1 Terabyte (TB) = 1000 Gigabytes (GB).
1 Petabyte (FB) = 1000 Terabytes.
1 Exabyte (EB) = 1000 Petabytes. 129.5
1 Zettabyte (ZB) = 1000 Exabytes = 1 millén de petabytes = 1000 millones de terabytes.
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Evolucion de la analitica de datos

Band ID Album ID Title
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Led Zeppelin

Led Zeppelin I

Led Zeppelin 111

Led Zeppelin IV
Houses of the Holy
Physical Graffiti
Presence

In Through the Qut Door
Coda

Please Please Me
With the Beatles

12 A Hard Day's Night

13
14
15
16
17
18

Beatles for Sale

Help!

Rubber Soul

Revolver

Sgt. Pepper's Lonely Hearts Club Band
Magical Mystery Tour

19 The Beatles
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Label ID
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Style

Blues Rock
Hard Rock
Classic Rock
Hard Rock
Classic Rock
Classic Rock
Hard Rock
Hard Rock
Hard Rock
Beat

Rock & Roll
Pop Rock
Rock & Roll
Soundtrack
Pop Rock
Psychedelic Rock
Rock & Roll
Soundtrack
Pop Rock

Www.inycom.es

Release Month
12/01/1969
22/10/1969
05/10/1970
08/11/1971
28/03/1973
24/02/1975
31/03/1976
15/09/1979
19/11/1982
22/03/1963
22/11/1963
10/07/1964
04/12/1964
06/08/1965
03/12/1965
05/08/1966
26/05/1967
27/11/1967
22/11/1968

Round Year Year
1969
1969
1970
1971
1973
1975
1976
1979
1982
1963
1963
1964
1964
1965
1965
1966
1967
1967
1968

1969,00
1969,75
1970,75
1971,75
1973,00
1975,00
1976,00
1979,50
1982,75
1963,00
1963,75
1964,50
1964,75
1965,50
1965,75
1966,50
1967,25
1967,75
1968,75

Sales

15.800.000
21.900.000
13.700.000
37.000.000
17.700.000
13.400.000
7.300.000
11.500.000
3.400.000
5.900.000
5.850.000
9.350.000
5.650.000
0.850.000
14.400.000
12.450.000
24.800.000
10.600.000
31.000.000



Evolucion de la analitica de datos

PERIODO:

Cuadro de Mando CLIENTE DEMO SL

i’ Inycom

Ingresos Costes variables Resultado
ENERO-2019 Promedio 2019 ENERO-2019 Promedio 2019 ENERO-2019 Promedio 2019 ENERO-2019 Promedio 2019
204.948,44 € 121.490,91 € 54.216,06 € 4.518,01 € 144.870,32 € 66.141,00 € 5.852,30 € 50.823,23 €
68,7% & 26,5% 70,7% 50%

-0% .

+100% -0% .

25%

25%

CUENTA DE % PROMEDIO
ENE-2019 % Desviacion Estructura de costes
RESULTADOS s/Ventas 2019
mporte N.Cifra Negocios 204.897,59 € 100,0% 121.478,81 € 68,7%
5.852,30€
[lariacién existencias - € 0,0% - £
TOTAL PRODUCCION 204.897,59 € 1 121.478,81 € 68,7% 5421096 € 50.823,23 €
“onsumo materiales 124.866,00 € 60,9% 49.845,25 € 150)5% RESULTADO PERIODO
esto Costes variables 20.004,32 € 9,8% 16.295,74 € 22,8% PR EEaTE s
COSTES VARIABLES 144.870,32 € 70,7% 66.141,00 € 119,0% ¥ COSTES VARIABLES
COSTES FIJOS 54.216,06 € 26,5% 4.518,01 € 1100,0%
RESULTADO ORDINARIO 5.811,21 € 2,8% 50.819,80 € -88,6%
Jtros ingresos 50,85 € 0,0% 4,24 € 1100,0%
3astos extraordinarios 9,76 £ 0,0% 0,81€ 1100,0%
RESULTADO PERIODO 5.852,30 € 2,9% 50.823,23 € -88,5% ENE-2019 PROMEDIO 2019
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Evolucion de la analitica de datos

SQL Server Reportng Servces
m>
AdventureWorks Sample Report

Pt avie v g m ey

2
"

Components 29635 122% 21635 1226 3496 764 3496 76
2100 2080 14643 2650 MOT) 5580 4640 3380 6718 %880 11050 90
1368828 6457 2050457600 1653974 4257 T1650 6796 263607 3340 252580626
ITEB 0432 2368 0800 6116, 1232 922 %80 16 5455 2415.48%
6261733505 MBI RH0 97990 1765 159998 9340 I0TCHOETE 520767 9908
204358700 24615 8700 3643 2000 3643 2000
166901 4451 702854500 23671899091 109578 2180 0422255 540006 4429
28260 050 12702 84% 40962 %56 4445 5280 8162 &000 12605 2230
TSI 47 504006 1159154500 8400 6080 17412 000 26013 080
20113 9400 14121 9000 44235 840 4920.3000 11346 5100 16265 8100
T AT 21685 8280 936203198 46621200 WO 20575330
82835 962 531504660 135595 2% 19065 6000 RN 51238 %0
20050 42 175967628 45567 2510 $645 5500 17214150 17366 96%
205406 3245 205416 3255 23460 7358 22460 758
2285348 2012 LN TP S ‘ 081300276 1005267 9T |

Ewes 10927543 3612 621799 5668 15551348 090 1705822 2694 29BN BB0E 3524316 1400 o
F27100 98 SOTT247 6885 MMA358 679 1951267 3702 245176 NS0 AddNM 12
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Evolucion de la analitica de datos
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Evolucion de la analitica de datos

London 51.51N, 0.13 W

Mon 9 Dec @ 16:02:42

Go to Map - Go to Grid - Change City

WeaTHER STATIONS (MULTIPLE SOURGES) H  Weatser (METAR) EH  Forecast (Yanoo! WTH)
STaTION ;E:‘EE; éﬁI:T[l MnRECTIoN TEMPERATURE  HumiDmy T?;::v PRESSURE  FORECAST London City Airport “ Lue
1w0cC scC
CASA Office: Clear Mestly clear S‘::I: > e Mostly Clesr  Partly Cloudy
Bloomsbury W1 EOT Lol TES Might
Lambeth Meters: 0 Clear
Bridton SVS 43mph 4.3 mph SW .~ Night
ARl 3.6mph 3.6 mph R Cem
Might
Tuee Line StaTus (TFL) El  Bike Snarne (TFL) Ed  Iuservice (TrL) B Air PoLuTion (DEFRA) 1742
Bakerloo Good Service m—"
N 5 PM PM
GCentral Good Service 4. 3 OA] 4 . 9 % Tz svan Ozonz Oz Oz 8 "
GICClll Good Service Stations Full Stations Empty Bloomsbury
Good Service
HE&C Good Service Marylebone
NI Good Service 7354 430 Rd

=Nl Good Service Eikes Available Bikes or Docks Faulty
Northern Good Service

Available Bikes (last 24h)

= Raps (CASA)
7250
e CASA Office Desk 1
6750

Sl L T Cocd Service
Victoria Good Service
W&C Good Service
Good Service
DLR Good Service 24h 20h 18h 12h Bh 4h now

6

cpm {uncalibrated)

Ranpom Trarric Cameras (TFL) [ 10] BBC Lonoon News (BBC) 42

T “ !
L

Rigby killer 'a soldier of Allah’ Mayor bike "scaring’ claim
withdrawn Murder pelice found grave in

garden Cameron praises towering Mandela Police
crackdown on pirate site ads  Why do we value gold?

Hi

h St/Grosvencr Rd W Widtham

ELectriciTy (N.GriD) Mzoo (LSE Marrivess) Ed  Twrer Trenps For Lonoon

Demand (Great Britain) 8% 13%

4821 1 unhappier

than the long term than the whole
average for here country right now
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M Kensington

River Lever (PLA) BE  Stocks (Yaxoo) 7]
Thames (Tower Pier) FTSE 100 Index

4.13 6552.34

metres +0.35 (0.01%)

OrensTREETMAP UPpaTes (OSM) E3

Third att=mpt to name the teraced cottages

Tl ki
around the Gresn.  Rewvert my changs to o E

terraced cottages as they get rendered with

wrong address.  Ac Tibet %
Foundation rafining Mame armor. 4 Sy ]
Torrace
$fme =
-BY-54

MPs #NFL Christmas #Confident Xmas #ashes London
happier #RIPAlexTurner  #12DaysofJonesDAY9  Waca
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Evolucion de la analitica de datos

Applications

Live Snapshot

560 23h45m

Category 1

Sent Pushes (1,254) v

Push Campaign Name
nt Mon. Jan 24, 2013

Push Campaign Name
Sent Mon. Jan 24, 2013

Push Campaign Name
Sent Mon. Jan 24, 2013

View All
Scheduled Pushes (33) v

Push Campaign Name
Scheduled for Mon. Sep 31, 2013

Push Campaign Name
Scheduled for Mon. Feb 12, 2013

Push Campaign Name
Scheduled for Mon. Feb 12, 2013

View All

Category 2

Category 3

=z

=

=

Sh

ANAL  Dashboard

Metrics Logs

ow today -

2 8 5’4 56 Devices Connected

Apps Open

09

Sunday, May 13, 2007 )
USD to EUR: 0.7397

Ji

30

25

an ‘06 Jul*06 Jan ‘07 Jul*07 Jan ‘08 July ‘08 Jan ‘09

Peak App Usage Time

N
London
USD to EUR: 07397

Installed Devices

Avg. User Engagment

85.43%

64.50%

35.43%

Med High
Phone MiPad M Android M A. Tablet

441 234 Active Users

Q

Export Share Print PDF

4567% AVG. Read Rate

Time Spent In App = Time Spent In App = Time Spent In App Due to Push

15
1
Sunday, Jul 07, 2008
634,235 Hours
05
o
1780 1800 1850 1900 1950 1999 2050

20

Pushes Sent Over Time

Avg. Push Response

Avg. Links Connected

25.00%
78.50%
35.43% |
TS . iPhone 5
N 25.00%
50.00%
Low Med High @ iPhone iPad W Android

Www.inycom.es
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Hard Rock
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tamano y forma
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Como ayudar a nuestro cerebro

84515153515649097/
34973947367521432
8/458732648712364
87/7265481763284762
837/56845932146398
65615493659186495
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Como ayudar a nuestro cerebro

84515153515649097/
34973947367521432
8/458732648712364
87/7265481763284762
83756845932146398
65615493659186495
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Server-Hosted Data
Model

Dimensional Data
Mart

Data Transformation
Process

Master Data
Management

Bl Dashboards

Interactive Reports

Copyright Intelligent Business LLC, IntelligentBiz.net




Arquitectur_as de datos

ON PREMISE CLOUD

SSAS TABULAR

[
|

STG DW /
\ @ }‘% hS'k(mi)wIiServer' @
ntegration Services
1]

BBDD

DA (— k@‘ SOL Server

Integration Services
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Perfiles en la an_alitica de datos

» 2

cloudera

m @llv:ﬁ)mc

SAD T

00

twitt
witter ¥ w Data Source Experts Dashboard Builders
VG, Musad

ORACLE Sybase

L,
SQL Server
... ol
TERADATA

@y N NETEZZA

§sas @

MAPR Q [JOData
5 3

Gox )glc “* vectorwise

Analysts
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Data Science Questions

ENGAGEMENT PROCESS PBnesS YRelgrIce QuesTan ENGAGEMENT PROCESS

What happened? Why? What will happen?
Step 1: Build the Data Model - What should | do? Step 1: Define Hypothesis to Test ¢

. 0 0 = -)
o EERN ¢ o0 o $
‘ A
0

n Descriptive Business Data

& 8| A')O/)’SJS % 5 ;
Intelligence Scientist @ Predictive

Standard Analyst Analysis
Step 2: Define The Report Reporting Step 2: Gather Data
Prescriptive

¥

Step 3: Generate SQL commands Step 3: Build Data Model
@

o l‘-l DIFFERENCE BETWEEN BUSINESS INTELLIGENCE AND DATA SCIENCE

Step 4: Create Report Step 4: Explore the Data

o
-' ' Focus Reports, KPIs, trends Patterns, correlations, models | —

'
)
Process Static, comparative Exploratory, experimentation, visual

Data Sources Pre-planned, added slowly On the fly, as-needed Step 5: Build and
Refine Analytic Models

DELENTE13Y Single version of truth “Good enough,” probabilities . »

Data

Warehouse Transform Up front, carefully planned In-database, on-demand, enrichment

The data warehouse is o
“schema-on-load” approach
because the data schema must be
defined and bulk prianto Joading Analytics Retrospective, Descriptive Predictive, Prescriptive, Preventative Step 6: Ascertain Goodness of Fit —
data into the data warehouse.

Without an underlying data model,

the Bi tools will not work. 07 __j ‘

CHARACTERISTICS

Data model Schema on load Schema on query




La nueva era de la visualizacion

Los datos son atractivos

Los datos, transformados en informacion visual tras ser sometidos a tratamientos
estadisticos son atractivos por si mismos.

Herramientas de analisis

La visualizacion de informacion no es un objeto puramente estético sino que
puede funcionar como herramienta de analisis para los usuarios.

Nuevo paradigma

Las herramientas interactivas permiten al usuario leer e interpretar el contenido de
una infografia como desee, modificandolo o segun su interés o necesidad.

[ ] innovation
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Evolucion de la inteligencia artificial

ARTIFICIAL

e NaE

MACHINE
LEARNING

e DEEP
4. v« ww« LEARNING
= I o
=

1950 19607 1970's 1980 1990's 7000's 2010

SInce an oorly Nush of Sptimiam in the 19505, smatior subsets of arbhifcial intoligence ~ first maching Lleaarning, then
°® e doep loarmng, & subsdt o maching loarmeng <« have created ever Larger daruphions
‘, Inycom . //23



Inteligeci_a Artificial
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;A qué se denomina machine learning?

TRADITIONAL
PROGRAMMING

MACHINE LEARNING PROGRAM
nnnnnnnnnn

. .
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Opciones de machine

Text Analytics
Derives high-quality information from text
Answers guestions like: What info is in this text?
Creates a dictionary of n-grams

from a column of free text

Converts text data to integer
encoded features using the
Vowpal Wabbit library

Performs cleaning operations on text,
i B
normalization
Converts words to values for use in
NLP tasks, like recommender, named

3 ition, hi
translation

Makes forecasts by estimating the
relationship between values
Answers questions like: How much or how mary?

L —
s
_(— Fast training, linear model
S st
D
R
B
large memery footprint

[ ]
" Inycom icchnojogies

earning

Multiclass Classification

Answers complex questions with
multiple possible answers
Answers questions like: Is this A or Bor Cor D?

Fast training times,

linear model
[ -
L ey

Depends on the

two-class classifier

training times and scalable

Two-Class Classification

What do you
want to do?

Recommenders

Predicts what someone will be interested in
Answers the question: What will they be interested in?

Answers simple two-choice questions,

Collaborative filtering, better like yes or no, true or false
performance with lower cost by Answers ions like: Is this A or B?
H omality questions i ar
Under 100 features,
linear model

R

S

TR i b i
Accurate, fast training,
large memory footprint
Accurate, long training
times

Image Classification

Separates similar data points into intuitive groups

i

Anomaly Detection
Identifies and predicts rare or unusual data points
Answers the question: Is this weird?

Under 100 features,
aggressive boundary

Classifies images with popular networks

I
efficiency

Fast training times

Www.inycom.es
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Casos de uso de machine learning

Un ejemplo de uso del machine learning en el sector de la
industria puede ser predecir cuando va a fallar un componente
y porqué. Adelantandonos a ese fallo se puede prevenir
paradas no planificadas que rompan la produccion de la linea.

Otro ejemplo de uso en industria puede ser identificar de
varios productos cuales son los mas rentables o cuales pueden
tener mas errores en la fabricacion, etc.

[ ] innova tion
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Casos de uso de machine learning

En el caso de recursos humanos puede utilizarse para detectar
cvs de personas aptas para un puesto, o perfiles dentro de Ia
empresa mas ideales para un puesto... etc

También podria aplicarse en el apartado de formacion,
prediciendo cuales son los empleados que mas necesitan una
formacion en concreto o los que mas rentabilidad le van a sacar
a esta.

[ ] innova tion
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Diferencia entre estadistica y probabilidad

Un termino importante a tener en cuenta a la hora de comprender el
machine learning es la diferencia entre algo que es estadistico y algo
probabilistico.

Probabilistico por ejemplo seria el lanzamiento de una moneda al aire,
tienes un 50% de posibilidades de cara o cruz.

Estadistico seria que dependiendo de una condiciones de lanzado, el
lanzador, el sitio desde donde lanzas o la técnica, las probabilidades de
cara o de cruz fueran mayores en una caso que en otro

[ ] innova tion
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